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Abstract 
This paper examines the relation between future stock returns and analysts' 
forecasts dispersion in Hong Kong. The main contributions of this paper are twofold. 
First, we use interaction variables (LDISPSIZE and MDISPSIZE) to examine 
dispersion effects across firm sizes in the Fama-MacBeth cross sectional regression. 
Second, we provide an empirical study on the relation between dispersion and future 
stock returns in Hong Kong. It is found that future stock returns are weakly and 
positively associated with dispersion for small firms; however a significant negative 
relation between dispersion and stock returns is discovered for middle and large 
firms. Evidence for the hypothesis that dispersion contains uncertainty risk effect 
and differences of opinion effect on future stock returns is also found. Since 
investors have different interpretations of dispersion in reality, dispersion can be 
interpreted as either uncertainty risk or differences of opinion, which these two 
interpretations are not mutually exclusive. With respect to uncertainty risk effect, 
high dispersion is associated with higher future stock returns when investors 
interpret dispersion as an uncertainty risk, ceteris paribus. For differences of opinion 
effect, high dispersion is negatively correlated to future stock returns when 
dispersion is interpreted as differences of opinion across analysts, ceteris paribus. 
The findings on the relation between dispersion and future stock returns can be 
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The Capital Asset Pricing Model (CAPM), introduced by Sharpe (1964)， 
Lintner (1965)，and Black (1972), states that there is a linear positive relationship 
between expected returns on stocks and their risks (market betas) and market betas 
are the only risk factor to explain the cross-sectional variation of expected returns. 
Nonetheless, there are many empirical evidences against the CAPM predictions. 
Roll (1977) criticizes that there are fundamental problems when using market beta 
as a proxy for market portfolio such as Standard and Poor's 500 index. Banz (1981) 
finds that smaller size (ME) firms have higher average risk adjusted returns than 
larger firms in US. Furthermore, Rosenberg, Reid and Lanstein (1985) discover that 
there is a positive relation between average returns in the US markets and the ratio 
of a firm's book value of common stock to its market value (BE/ME). According to 
Fama and French (1992)，beta does not explain the cross section of stock returns but 
book-to-market ratio and firm sizes can explain the phenomena from 1963 to 1990 
in US stock market by employing the Fama-MacBeth (1973) cross section approach. 
Besides the empirical findings in US, scholars also find that the CAPM prediction 
has been inconclusive in Japan. For example, Chan, Hamao and Lakonishok (1991) 
and Daniel, Titman, and Wei (1997) disclose that book-to-market ratio has the 
explanatory power over the cross-sectional variation of stock returns in the Japanese 
equity market. Therefore, beta is not the only risk factor which can explain the 
cross-sectional variation of expected returns. These literatures facilitate the 
understanding about risks and returns of securities market. 
There are several empirical findings studying CAPM phenomena in Hong 
Kong. Ho, Strange and Piesse (2000) figure out that book-to-market equity, market 
leverage, firm sizes, and share price effects give significant explanation of cross-
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sectional variation of stock returns in Hong Kong stock market from January 1980 to 
December 1994 with 117 sample firms. Additionally, Chan (1997) shows that small 
firms with small betas earn higher average returns than the prediction of CAPM. 
According to Lam (2002), firm sizes, book-to-market ratio and earnings-price ratio 
are able to capture the cross-sectional variation in average stock returns over 1984 to 
1997. 
1.1 Hong Kong securities market background 
Hong Kong, which has been a key regional financial centre in Pacific Asia 
region, attracts the interest of many global financial institutions and international 
investors. The Stock Exchange of Hong Kong (SEHK) is the only organized and 
authorized stock exchange in Hong Kong, with 1048 firms listed at the end of 2007. 
According to the International Finance Corporation (IFC), Hong Kong stock market 
is classified in the upper division of income group in the world, and Hong Kong has 
been recognized officially as a developed market by the IFC since 1993. Although 
many professionals and global institutional investors still consider Hong Kong stock 
market as an emerging market, it is certainly a key regional financial centre in 
Pacific Asia. 
The official stock-trading activities started in Hong Kong in 1891 as the first 
stock exchange was established in Hong Kong in the same year (Association of 
Stockbrokers in Hong Kong). Four stock exchanges (Hong Kong Stock Exchange, 
which is the former Association of Stockbrokers in Hong Kong, Far East, the Kam 
Ngan and the Kowloon) were unified into Stock Exchange of Hong Kong (SEHK) in 
1986. SEHK, which is the only one stock exchange for all listed firms in Hong Kong 
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securities market nowadays, has the exclusive authority to institute, function and 
sustain the Hong Kong stock market. 
After the Asian Financial Crisis in 1998, the Hong Kong stock market has 
experienced considerable growth. The number of companies listed has increased 
from 658 in 1997 to 934 in 2006 and total market capitalization increased from HK$ 
3,202,629.78 million in 1997 to HK$ 6,629,176.75 million in 2006, representing a 
107% increase in 10 years. Table 1 and Figure 1 show the key statistics and the trend. 
Furthermore, the financial sector in Hong Kong dominated the market capitalization 
in the period from 1997 to 2006 (Table 2). As indicated in Table 3，financial firms 
figure significantly in the list of the top twenty companies in terms of market 
capitalization. 
[Insert Table 1，Figure 1，Table 2 and Table 3 here] 
According to the Hong Kong Stock Exchange, there are few stocks that can 
be sold short in Hong Kong. 163 common stocks, out of 812 stocks traded on the 
main board and 163 traded on the Growth Enterprises Market, could be sold short 
before i f ^ of January on 2003. Actually, the number of securities for short sales is 
revised on a quarterly basis, based on liquidity and market capitalization criteria. 
Therefore, most of the stocks with small firm sizes are not able to be sold short in 
Hong Kong. 
As the financial market integration between Hong Kong and the Mainland is 
deepening, the importance of Hong Kong as a source of capital to mainland 
enterprises increases. The equities fund raised in Hong Kong for the mainland 
enterprises increased from 644.18 HK$ millions in 2000 to 2363.46 HK$ millions in 
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2006 (Figure2). This financial market integration provides Hong Kong with golden 
opportunities to develop into a more prosperous financial centre in Pacific Asia 
region and the world. 
[Insert Figure 2 here] 
1.2 Purpose and brief results 
The main purpose of this paper is to examine the relation between analysts' 
forecasts dispersion and future stock returns in Hong Kong. To the best of our 
knowledge, there is no research studying the relationship between the analysts' 
forecasts dispersion and stock returns in Hong Kong thus far. In the light of this, this 
paper aims to examine the dispersion effect on the future stock returns in Hong 
Kong. The residual of analysts' forecasts dispersion from monthly regressions of 
LNDISP on firm sizes and book-to-market ratio is used to examine the dispersion 
effect on future stock returns. Furthermore, the dispersion effect across firm sizes is 
delineated by using interaction variables (MDISPSIZE and LDISPSIZE). A negative 
but insignificant relation between future stock returns and analysts' forecasts 
dispersion is found when the dispersion effect across firm sizes is not differentiated. 
For the differential dispersion effect across firm sizes, a negative and significant 
relation between dispersion and future stock returns is found in middle and large 
firms while dispersion has a positive but insignificant impact on future stock returns 
for small firms. These findings can only be justified by the explanation composed of 
two opposite dispersion effects, which are uncertainty risk effect and differences of 
opinion effect. Uncertainty risk dispersion effect means that the future stock returns 
will be higher when analysts' forecasts dispersion is high and when investors treat 
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dispersion as an uncertainty risk, ceteris paribus. Regarding the differences of 
opinion dispersion effect, future stock returns will be lower when analysts' forecasts 
dispersion is high since high dispersion is associated with larger upward bias for 
analysts' earning forecasts, ceteris paribus. High dispersion and analysts' incentive 
or strategic concerns, which prevent the revelation of analysts' negative opinions, 
are both required for the existence of differences of opinion effect. Furthermore, we 
find that upward bias for analysts' earning forecasts exists and varies positively with 
dispersion. These findings justify the analysts' incentive or strategic concerns 
explanation for differences of opinion dispersion effect. 
1.3 Organization of the paper 
The layout of the paper is as follows. Chapter 2 contains the review of 
literatures. The research methodology, underlying hypotheses, data and sample 
characteristics, sample selection rules, variables definitions and estimation of market 
betas, are presented in Chapter 3. Size-dispersion portfolio strategy is illustrated in 
Chapter 4. Chapter 5 reveals the empirical results of Fama-MacBeth (1973) cross-
sectional regressions. Chapter 6 concludes and identifies limitations and future 
direction. 
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2. Literature Review 
In this chapter, a brief literature review on the implications of analysts' 
forecasts dispersion on stock returns is presented and empirical findings, which 
indicate different dispersion effects, are revealed. Many papers related to 
heterogeneous belief and asset pricing use dispersion of analysts' earning forecasts 
to study heterogeneous belief of investors. This literature review on previous 
researches studying similar topics can broaden and deepen the understanding of how 
analysts' forecasts dispersion affects the stock returns. 
In reality, economic agents have different preferences, beliefs and 
expectations. Asset prices may be influenced by the analysts' forecasts dispersion 
since investors have different interpretations of analysts' forecasts dispersion. 
According to Baik and Park (2003), there are three types of investment behavior in 
the stock market when the level of dispersion changes. The first kind of investor 
believes that optimistic forecasts increase the current stock prices when the 
dispersion increases. Furthermore, as the dispersion increases, the second type of 
investor who expects that there are more pessimistic investors and short sales in the 
market decreases the current stock prices. Finally, the third group of investor 
considers dispersion as an uncertainty risk which will lower the current stock prices. 
They stress that the dispersion must have influences on stock prices except these 
three effects offset each other. 
2.1 Theoretical Studies 
There are several theoretical papers studying heterogeneous belief of 
investors as a risk factor in asset pricing model. These theoretical papers employ 
representative agent framework with heterogeneous belief. Williams (1977) 
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indicates that there is a positive relation between differences of opinion among 
investors and the future stock returns by using continuous-time mean-variance model 
of capital asset pricing. He suggests that investors will ask for higher rates of return for 
their investment when investors have different opinions about the future stock returns. 
Furthermore, Mayshar (1983) argues that differences of opinion are essential to the 
asset pricing in capital exchange market when the capital market is imperfect. He 
also points out that the difference in opinions is a risk factor affecting the stock 
prices and returns. In addition, Merton (1987) reveals that differences of opinion 
have significant impact on equilibrium expected returns for firms under the 
assumption of complete capital market and imperfect information. His research 
suggests that the future returns and the differences of opinion are positively related. 
Varian (1985) also argues that an increase in dispersion in belief will be associated 
with an asset with reduced price under the assumption of complete capital market in 
his Arrow-Debreu model. According to Basak's (2005) continuous time pure-
exchange Bayesian learning model, investors price risk heterogeneously and transfer 
risk from pessimistic investors to optimistic investors under differences of opinion. 
The transfer of risk is proportional to the degree of differences of opinion. He 
suggests that the risk premium of an asset in the CAPM expression is replaced by 
the risk-tolerance-weighted of each investor's expected risk premium. Moreover, 
Anderson, Ghysels and Juergens (2005) adopt a constant dividend growth model and 
incorporate dispersion of analyst forecasts into his theoretical model to show how 
dispersion is priced. 
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2.2 Empirical Studies 
Previous empirical researches posit different findings and explanations for 
the relation between differences of opinion and the stock returns (Table 4). Some 
empirical researches find that differences of opinion and the stock returns are 
positively correlated. Anderson et al. (2005) discover that the short term dispersion 
of analysts' forecasts and the long term dispersion of analysts' forecasts are highly 
statistically significant and are positively related to the S&P 500 Index returns. They 
use analysts' forecasts dispersion as a proxy for differences of opinion. They 
emphasize the expected return and volatility of the S&P 500 portfolio of brokerage 
firms. Each stock in the portfolio uses the data from First Call/Thomson databases 
from 1991 to 1997. The portfolio of brokerage firms in US does not include all 500 
stocks in S&P 500 index but these portfolios have identical monthly subset of S&P 
500. They incorporate short-term dispersion factor (DISP) and long-term dispersion 
factor (LTGDISP) into the component of heterogeneous belief in the traditional asset 
pricing model. The short-term dispersion factor and long-term dispersion factor lead 
to upward bias in subsequent returns (Anderson, Ghysels and Juergens, 2005). In 
order to test whether the inclusion of the dispersion factors gives a better explanation 
for the returns of stocks in the portfolio of brokerage firms, Anderson et al. (2005) 
uses risk free rate (intercept), the excess return variable ( rm -rb) , SMB(risk factor for 
small firms over large firms), HML (risk factor for high book-to-market firms over 
low book-to-market firms), UMD (risk factor for momentum), DISP and LTGDISP 
as dependent variables to run time series regressions on the returns of portfolio and 
the returns of each stocks in portfolio. It is found that DISP and LTGDISP are 
highly statistically significant and are positively related to the S&P 500 index 
returns. Anderson et al. (2005) suggest that DISP and LTGDISP have incremental 
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explanatory power in the asset pricing model and these measures are the missing 
factors in the traditional asset pricing model. 
[Insert Table 4 here] 
In addition to Anderson et al (2005) findings, Doukas, Kim & Pantzalis 
(2006) find that stock returns are positively associated with divergence of opinion 
when diversity is used in their analysis. They use diversity instead of dispersion of 
analysts' earning forecasts as the measure of differences of opinion. Diversity, 1-A, 
is defined as one minus the consensus which is measured by the correlation in 
forecast errors across analysts. Their study covers the period from July 1983 to 
December 2001 and obtains U.S. stocks data from I/B/E/S, CRSP and 
COMPUSTAT. Doukas et al (2006) employ portfolio strategies to sort the selected 
stocks based on diversity and firm's characteristics. They discover that high 
diversity quintile portfolio has higher average monthly returns than the low diversity 
quintile portfolio. Based on their finding of a positive relation between future stock 
returns and divergence of opinion, the divergence of opinion is interpreted as a risk. 
Other researches find that differences of opinion and stock returns are 
negatively correlated. Chen, Hong and Stein (2002) argue that stock returns 
decreases in differences of opinion. They obtain the required US data from the first 
quarter of 1979 to the fourth quarter of 1998 from three sources. Mutual fund 
holding data comes from Mutual Fund Common Stock Holding/Transactions 
database in CD A/Spectrum while quarterly return and trading volume data are 
obtained from CRSP. Moreover, COMPUSTAT provides accounting data. Chen et 
al. (2002) employ Fama-MacBeth (1973) cross-sectional regressions to test whether 
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the change in breadth of ownership can explain the variation in stock returns. Low 
breadth of ownership represents that there are few investors having long positions in 
the stock. This can be interpreted as short-sales constraints becoming more tightly 
binding. As a result, prices become high relative to fundamentals and the future 
returns are low. They show that a change in breadth of ownership is positively 
correlated to stock returns. In other words, differences of opinion are negatively 
correlated to stock returns as Breadth of ownership is a proxy for differences of 
opinion. Chen et al. (2002) also find that the stocks whose change in breadth in the 
prior quarter is the top outperform those in the lowest change in breadth deciles by 
6.38% in the first twelve months. 
Furthermore, Erturk (2006) finds that there is a negative relation between 
dispersion of analysts' forecasts and stock returns. He obtains data starting from 
January 1983 to December 2001 for his research from three sources. Return and 
volume data are obtained from CRSP while accounting data is provided by 
COMPUSTAT. Moreover, I/B/E/S offers the data of financial analysts' earnings 
estimates. With respect to his methodology, Erturk (2006) applies a portfolio-based 
analysis and assigns stocks to portfolio based on firm characteristics. Furthermore, 
he also employs Fama-MacBeth (1973) cross-sectional regressions to demonstrate 
the relationship among dispersion of opinions, firm characteristics and returns in US 
stock market. Regarding his findings, he indicates that the return differential 
between high dispersion and low dispersion stocks is most pronounced among loser 
stocks. Furthermore, Erturk (2006) discovers that stock prices are negatively 
correlated to changes in dispersion of opinions. Finally, the bias in forecast revisions 
significantly affects the empirical observations when analysts' forecasts dispersion is 
used as a proxy for divergence of opinions. 
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Additional evidence for the negative relation between differences of opinion 
and stock return is provided by Diether, Malloy and Scherbina (2002). They 
postulate that analysts' forecasts dispersion is a proxy for differences of opinion 
among investors and find that stocks with higher dispersion in analysts' earnings 
forecasts earn lower future returns than otherwise similar stocks. Diether et al. (2002) 
whose data for regressions is collected from CRSP，COMPUSTAT and I/B/E/S run 
multifactor time series regressions and Fama-MacBeth (1973) cross sectional 
regressions to test whether analysts' forecasts dispersion can explain variations in 
stock returns in US stock market from January 1976 to December 2000. They also 
find that high dispersion stocks underperform low dispersion stocks by 0.79% per 
month. They argue that the negative relation between dispersion and future returns is 
caused by overpricing which is a consequence of investor disagreement and short-
sales constraints. Their finding is consistent with the Miller (1977) hypothesis, 
which states that stock prices reflect optimistic view when pessimistic investors 
cannot trade because of short-sale constraints. Furthermore, Diether et al. (2002) 
suggest that there is a positive relation between changes in dispersion and stock 
returns. This finding is contrary to that of L'Her and Suret (1996) suggesting that a 
change in dispersion is negatively correlated with stock returns. 
Another empirical evidence for the negative relation between differences of 
opinion and stock returns is provided by Johnson (2004) who provides a different 
explanation from that by Diether et al. (2002). Johnson (2004) also discovers the 
negative relation between dispersion and future stock returns in his paper. Johnson 
(2004) applies Fama-MacBeth (1973) cross sectional regression to test whether the 
coefficient on an interaction term between dispersion and leverage is significant and 
negative. He obtains data from CRSP, COMPUSTAT and I/B/E/S during the period 
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from January 1983 to December 2001. To explain this relation, they suggest that 
dispersion is an expression of idiosyncratic risk which is related to the uncertainty of 
a firm value. This idiosyncratic risk increases the option value of the firm and 
decreases the future returns. 
The empirical findings of Sadka and Scherbina (2007) provide additional 
support to Miller hypothesis. They show that illiquid stocks have a propensity to be 
more cruelly overpriced and increasing aggregate liquidity in the market hastens the 
convergence of prices to its fundamental value. Sadka and Scherbina (2006) obtain 
the data from I/B/E/S, U.S. Detail History and Summary History data sets for 
analysts' earning forecasts. In additions, CRSP provides data on stock returns, prices 
and numbers of share outstanding while ISSM and TAQ supply data on intraday 
trading cost. The data period starts from 1983 to 2001. With respect to their 
hypotheses, Sadka and Scherbina (2006) develop three testable hypotheses in their 
research. The first hypothesis states that trading costs increase with analyst 
disagreement. The second hypothesis states that the stocks with highest price impact 
of trade are the most overpriced and earn the lowest future returns with the 
subsample of high level of analyst disagreement stocks. Lastly, the third hypothesis 
states that the returns of a portfolio of high-disagreement stocks are negatively 
correlated with changes in market-wide liquidity. To test hypothesis one, Sadka and 
Scherbina (2006) use price impact as a measurement of liquidity and effective 
spread as a measurement of transaction cost to run a cross-sectional test with analyst 
disagreement. Besides, they apply calendar-time analysis, event-time analysis and 
cross-sectional regressions to test the hypothesis two. Furthermore, they use 
aggregate liquidity instead of individual stock liquidity to run the cross-sectional 
regressions of mispricing and sensitivity to aggregate liquidity changes. Plotting the 
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alphas of the Fama-French three-factor model for twenty-five portfolio sorted by 
analyst disagreement is used to test hypothesis three. Regarding empirical results, 
three hypotheses cannot be rejected. Based on these hypotheses, they suggest that 




3.1 Hypothesis development 
The empirical work in this paper is motivated by possible effects analysts' 
forecasts dispersion may have on future stock returns. The main objective in this 
paper is to investigate the relation between analysts' forecasts dispersion and future 
stock returns in Hong Kong stock market. There are three hypotheses about the 
relation between analysts' forecasts dispersion and the future stock returns. 
Following the ideas of Diether et al. (2002), the first hypothesis, divergence 
of opinion premium hypothesis, treats analysts' forecasts dispersion as a proxy for 
differences of opinion only. Market frictions which prevent the revelation of 
pessimistic information are used to explain this hypothesis. The theoretical study of 
Miller (1997) uses short-sale constraints as one of the market frictions to explain his 
findings. Miller (1997) inferences that stock prices tend to reflect the optimistic view 
of investors and pessimistic investors cannot trade due to the presence of short-sales 
constraints. Miller (1997) assumes that investors are boundedly rational and they are 
overconfident about their own stock valuations. As a result, stock prices are pushed 
up and the future returns become lower. However, we do not limit the explanation of 
divergence of opinion premium hypothesis to short-sales constraints only. Any 
market frictions that prevent the revelation of negative opinions such as analysts' 
incentive or strategic concerns can be used as the explanation for the divergence of 
opinion premium hypothesis. Therefore, the first hypothesis predicts that high 
dispersion stocks realize low future returns when the market frictions that prevent 
revelation of negative opinion exist. 
Suggested by Diether et al. (2002), the second hypothesis, divergence of 
opinion discount hypothesis, treats analysts' forecasts dispersion as a proxy for 
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risk only. It is more difficult for investors to value a stock when dispersion for that 
stock is high since high dispersion represents a more volatile and less predictable 
future earnings flow of the stock. Therefore, the investors will demand 
compensation for the idiosyncratic risk of the stock they hold due to the high 
analysts' forecasts dispersion. According to Merton (1987), investors will demand 
for compensation for the idiosyncratic risk of the stock they have when their 
portfolio are not diversified very well. This hypothesis predicts that dispersion is a 
risk factor only and high dispersion stocks should earn higher future returns. 
Last but not least, the third hypothesis predicts that analysts' forecasts 
dispersion can be interpreted as differences of opinion and uncertainty risk. 
Different investors may have different interpretations on analysts' forecasts 
dispersion. According to Barron, Kim, Lim and Stevens (1998), analysts' forecasts 
dispersion contains two components which are uncertainty and differences of 
opinion. This hypothesis predicts that dispersion effect on future stock returns may 
be ambiguous. 
In conclusion, the first hypothesis suggests a significantly negative 
dispersion effect on future stock returns while the second hypothesis proposes a 
significantly positive dispersion effect on future stock returns. The third hypothesis 
implies dispersion effect can be either positive or negative dependent on the relative 
strength of uncertainty risk effect and the differences of opinion effect. We test these 
hypotheses by examining the possible effect of analysts' forecasts dispersion on 
the future stock returns. 
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3.2 Data and Sample Characteristics 
Relevant monthly returns, prices, share outstanding, market and financial 
statements data are drawn from Thomson DataStream in the University Library in 
Chinese University of Hong Kong and Pacific-Basin Capital Markets (PACAP) 
Databases which is compiled by the University of Rhode Island. All sample returns 
are adjusted for dividends, rights, splits, etc. Risk free rate data is taken from period 
average figures of Hong Kong Interbank offered rates on one-month HK$ deposits 
in Hong Kong Monetary Authority Monthly Statistical Bulletin. Furthermore, the 
data on analysts' forecasts dispersion are retrieved from the Institutional Brokers 
Estimate System (I/B/E/S) unadjusted International Detail History and Summary 
History data sets. The Summary history data sets contain summary statistics for 
analyst forecasts which include mean estimate, standard deviation, as well as the 
number of estimates and high estimate and low estimate on a monthly basis. These 
variables are calculated on the Thursday before the third Friday of every month. The 
Detail History file contains individual analyst's forecasts estimate value, the 
estimate Date, forecast period end date and revision date. 
The standard-issue I/B/E/S Detail and Summary dataset suffer from a data 
inaccuracy problem which makes them inappropriate for this paper. The analysts' 
forecasts (earnings per share) in these data sets are adjusted for stock splits so as to 
smooth out the forecast time series. After dividing the actual analysts' earning 
forecasts by an adjustment factors for the stock splits, the reported number of analyst 
forecasts is rounded to the nearest cent. When a firm has a large number of stock 
splits, the eamings-per-share analysts' forecasts would be reported as zero. For 
example, for a stock with thirty-fold stock splits, actual earnings per share estimates 
of eleven cents and fourteen cents would be stated as zero cent per share each. In 
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this case, the observed variance of analysts' forecasts would be zero while the actual 
variance is positive. Observations with zero standard deviation would thus contain 
ex-post information that firms have earned high future returns, which can be 
observed in the data. In order to be free of any biases due to stock splits, we use 
analysts' forecasts from unadjusted I/B/E/S International Detail and Summary 
dataset. 
3.3 Sample selection rules 
We follow the sample selection rules adopted by previous literatures (Ho et 
al 2000 and Diether et al 2002'). The following four criteria are applied for the 
selection of sample stocks in Hong Kong. First, active trading stocks are required. 
Stocks without nine consecutive monthly returns record during the twelve-month 
period proceeding the January of year t are ignored. Furthermore, the selected stocks 
must have twenty-four monthly returns before January 1997. Next, Stocks with 
negative book equity at the fiscal year-end are disregarded. Finally, stocks without at 
least two analysts covered for ten consecutive months in the sample period are 
excluded. The first criterion is used to minimize the effect of missing observations. 
The second criterion is required for calculating the pre-ranking market beta for 
individual stocks. The third criterion is a general requirement of previous research 
on book-to-market equity since stocks with negative book equity tend to have 
extremely high future returns. The final criterion is required to calculate the 
analysts' forecasts dispersion. After the selection, seventy stocks in Hong Kong are 
obtained for size-dispersion portfolio strategy and Fama-MacBeth (1973) cross 
‘The selection criterion of excluding stocks less than 5 US dollars in Diether et al (2002) is not 
adopted in this paper. 
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sectional regression test. Descriptive statistics for seventy sample stocks are shown 
in Table 5. 
[Insert Table 5 here] 
The time period of January 1997 through December 2003 is chosen for 
sample period for two reasons. First, we want to examine CAPM in Hong Kong for 
the sample period that is rarely covered in the previous empirical researches for 
Hong Kong. There are lots of CAPM studies in Hong Kong using the sample period 
before 1997. For example, Ho et al (2000) cover the period from January 1980 to 
December 1994. Furthermore, Lam (2002) examines the CAPM model for the 
period from July 1980 to June 1997. Second, the monthly returns data and 
accounting data are not available after 2003 in PACAP database. 
Furthermore, financial firms usually have large firm size and this might 
ultimately affect empirical results. Although financial firms are not excluded in the 
sample, the empirical results might not be affected by the inclusion of financial 
firms. Based on the Table 6，11 financial firms are included in the sample and the 
median of financial firm is relatively small compared with property and 
consolidation sector. Large size category contains only few numbers of financial 
firms. Therefore, the empirical results are rarely influenced by the inclusion of 
financial firms. 
[Insert Table 6 here] 
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3.4 Variables definitions 
The definitions of explanatory variables in the cross sectional regressions are 
clearly defined as follow: 
Market Betas (B) 
For market betas (B), it is defined as the post-ranking betas. The estimation 
of post-ranking betas will be presented in chapter 3.5. It is a measurement of stocks 
or portfolios volatility with respect to the financial market. It can be regarded as the 
financial elasticity of assets, which is the sensitivity of asset's returns to market 
returns. When the coefficient of market betas is positive, it means that the stock 
returns have a positive market risk premium, vice versa. 
Firm Sizes (ME) 
For size variable (ME), it is defined as the market capitalization of stocks at 
the end of a month. We use the previous month (t-1) market equity (number of 
shares outstanding at the end of the month t-1 times the closing price at the end of 
the month t-1) to compute ME in order to match with the monthly return in month t. 
In the Fama-MacBeth cross-sectional model, LNME is the natural logarithm^ of 
firm's market capitalization. When the coefficient of LNME is positive, it represents 
that large firms earn a higher future stock returns than small firms, vice versa. 
Book-to-Market Ratio (BM) 
2 The reason of using natural logarithm form of variables (LNME, LNBM, and LNDISP) is 
to minimize outliers and non-linearity problem in the regression. 
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For book-to-market variable (BM), the book value of equity from the 
previous fiscal year is divided by the firm's market equity at the end of each month. 
As a result, book-to-market ratio is updated each month. The book value of equity is 
represented by the total common stockholder's equity. Stock is regarded as 
undervalued stock when the book-to-market ratio is larger than one while 
overvalued stocks have a book-to-market ratio which is less than one. In order to 
ensure that the book-to-market ratio is known publicly before the returns is used to 
explain, there is a minimum 3-month gap between fiscal year end and the return test. 
For example, Bank of East Asia's (stock code: 0023.HK) fiscal year end is on the 
3 ” ' December every year while the financial report of the previous fiscal year is 
available on February in each year. Then, the book-to-market ratio for Bank of East 
Asia on March of 1997 is the total common stockholders equity in 1996 over the 
market equity at the end of February in order to match the monthly return in March. 
In fact, most of the Hong Kong firms announced their financial results within three 
to six months after the fiscal year end. LNBM is the natural logarithm of book-to-
market ratio. The positive coefficient of LNBM means that the more undervalued 
the stock, the higher the future stock returns. On the other hand, a negative 
coefficient of LNBM represents a negative relation between the undervaluation of 
stocks and the ftiture stock returns. 
Return Momentum (MOM) 
For return momentum (MOM), it is calculated as past returns from month t-6 
to t-1. Return momentum are divided into two variables MOM(+) and MOM(-). 
MOM(+) represents a return momentum for stocks having a good past performance 
in month t, otherwise MOM(+) is equal to zero. On the other hand, MOM(-) 
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represents a return momentum for stocks having a bad past performance in month t, 
otherwise MOM(-) is equal to zero. When the coefficient of MOM(+) is positive, 
stocks which did well in the past have higher future stock returns, vice versa. 
Conversely, positive coefficient of MOM(-) means that stocks which have a poor 
past performance tend to have lower future stock returns, vice versa. 
Residual of Analyst Coverage (Rcov) 
Rcov is the residual resulted from monthly regressions of LN(l+analyst 
coverage) on LNME and LNBM. The coefficient of Rcov captures analyst coverage 
effect on future stock returns after excluding the indirect effect of firm sizes and 
book-to-market ratio through analyst coverage to the future stock returns. When the 
coefficient of Rcov is positive, stocks with larger analyst coverage tend to have 
higher future stock returns, vice versa. 
Analysts' Forecasts Dispersion (DISP) 
Analysts' forecasts dispersion is defined as the coefficient of variation of 
analysts' earnings estimates in a fiscal year end. It is computed as the standard 
deviation of earning forecasts estimates divided by the absolute value of the mean 
earning forecasts. To match the monthly return in month t，analysts' forecasts 
dispersion in month t-1 is used. Summary statistics for the dispersion such as mean, 
median and standard deviation is indicated in Table 7. The analysts' forecasts 
dispersions are calculated for 5835 observations during the sample period. The ratio 
between the mean and median is 1.959, which reveals that the dispersion is large for 
a relatively small number of firms. 
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LNDISP is defined as the natural logarithm of analysts' forecasts dispersion. 
Due to a high correlation with LNME and LNBM (Table 13), the residual of the 
monthly regression of LNDISP on LNME and LNBM (Rdisp) is used for examining 
the linear effect of dispersion on the future stock returns in the Fama-MacBeth (1973) 
cross-sectional regressions (see chapter 5). When the coefficient of Rdisp is negative, 
stocks with higher dispersion tend to have lower future returns, vice versa. 
[Insert Table 7, Table 13 here] 
In addition, we try to delineate the differential dispersion effect across firm 
sizes by examining the effect of DISP, MDISPSIZE, and LDISPSIZE on the future 
stock returns in chapter 5. DISP is the analysts' forecasts dispersion without natural 
logarithm; MDISPSIZE is the interaction variable for the analysts' forecasts 
dispersion (DISP) and the dummy middle size variable (MSIZE). For each month, 
the sample stocks are sorted into three size categories. MSIZE is a dummy variable 
for the middle size category (it is equal to 1 when the sample stocks is classified as 
middle size, it is equal to 0 otherwise). Moreover, LDISPSIZE is the interaction 
variable for the analysts' forecasts dispersion (DISP) and the dummy large size 
variable (LSIZE). LSIZE is a dummy variable for the large size category. When 
regression models include DISP, MDISPSIZE and LDISPSIZE as explanatory 
variables, the coefficient of DISP captures the analysts' forecasts dispersion effect 
on small firms' future stock returns, the sum of the coefficient of MDISPSIZE and 
the coefficient of DISP reveal the effect of dispersion on middle firms; the sum of 
the coefficient of LDISPSIZE and the coefficient of DISP show the relation between 
dispersion and future stock returns for large firms. 
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3.5 Estimation of market betas (pre-ranking and post-ranking) 
3.5.1 Betas estimation procedure 
With respect to market betas (P), it is defined as the post-ranking betas. 
Several steps are needed for the estimation of post-ranking beta. First, it is required 
to estimate the pre-ranking betas for each sample stock. The pre-ranking betas are 
estimated on 24 monthly returns before the sample period (January 1995 to 
December 1996). The pre-ranking betas are estimated by using current period equal-
weighted market return from the PACAP database as follow: 
R n = « + P i, ^ M , + ^ i, ( 1 ) 
where R“is the stock i monthly excess return,/?., is the stock i beta and RM, is the 
equal-weighted market excess return. The pre-ranking beta for each individual 
sample stock is equal to the current estimated beta from the above regression for the 
pre-sample period (January 1995 to December 1996). 
The pre-ranking beta's estimation originally follows the Dimson (1979) 
approach. Dimson (1979) approach, suggests that the pre-ranking betas are 
estimated by the following equation: 
R" = « + /h 人-1 + A - A m + fiA, + A ,人+丨 + A+2 及船 2 + 〜 (2) 
The regression includes lag betas (t-1 and t-2), lead betas (t+1 and t+2) and the 
current beta. The pre-ranking beta for each individual stock i is equal to the 
summation of the coefficients in the above regression (2): 
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Pi = Pu-1 + �,,-丨 + Pit + P i…+ Pu.2 (3) 
However, two lead and two lag market returns are not included in regression (1) 
because the first order and second order autocorrelations of the monthly market 
returns for the entire period which includes pre-ranking period and sample period, 
from January 1995 to December 2003, are insignificantly different from zero at five 
percentage significance level. They are 0.180003 (t = 1.835186) and -0.022992 (t = -
0.236524), respectively. 
Furthermore, the market excess return used in the pre-ranking beta 
estimation is an equal-weighted market excess return because financial firms are 
included in sample stocks. According to Hodoshima, Go'mez, and Kunimura (2000), 
equal-weighted market return is a better measurement for explaining the small 
stocks than value-weighted market return. Value-weighted market return is not an 
appropriate proxy for financial market in which financial sector or non 
manufacturing sector dominates. As indicated in Table 2, financial sector dominates 
in the Hong Kong financial market. It occupied twenty five to thirty eight percent of 
the total market capitalization within the period from 1997 to 2005. Therefore, 
equal-weighted market excess return is used for the estimation of pre-ranking and 
post-ranking betas. 
In order to estimate the post-ranking betas for the Fama-Macbeth (1973) 
cross-sectional regressions, we follow Fama and French (1992) size-beta portfolio 
sorting in finding the post-ranking betas. Some previous empirical studies for 
CAPM in Hong Kong (Lam, 2002 and Ho et al, 2000) also follow this size-beta 
portfolio estimation for the post-ranking betas. After estimating the pre-ranking 
betas for each individual sample stock, seventy sample stocks are first divided into 
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three size portfolios based on the market capitalization at the end of December 1996. 
Subsequently, each size portfolio is divided into three sub-portfolios by pre-ranking 
betas in order to have variation in beta isolated from size effect. As a result, nine 
size-beta portfolios are formed. Next, the equally weighted monthly excess returns 
are computed for each size-beta portfolio for the next 12 months, from January to 
December. After that, the post-ranking betas are estimated by using the equally 
weighted portfolio monthly excess returns, which are calculated in the sample period 
from January 1997 to December 2003，and the equal-weighted market excess returns. 
The method of estimating post-ranking betas is the same as the pre-ranking betas by 
using regression equation (1). Finally, the post-ranking betas are assigned to each 
stock in the size-beta portfolio for the Fama-Macbeth (1973) cross-sectional 
regressions. In fact, the allocation of post-ranking betas to individual stocks 
improves the statistical power of the cross-sectional regressions. 
3.5.2 Results and findings 
Table 8 presents the average post-ranking beta estimates and average 
monthly excess returns for each size-beta portfolio. Although the main concern is 
the relation between analysts' forecasts dispersion and future stock returns, the 
findings from the size-beta portfolios will be briefly discussed below. 
[Insert Table 8 here] 
First, we find that the order of post-ranking betas closely follows the order of 
pre-ranking betas. This finding suggests that the post-ranking betas contain 
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information about the ordering of the true betas. This finding supports the use of 
portfolio post-ranking betas assigning into individual stocks. 
In addition, post-ranking betas are negatively related to size, which is 
consistent with the finding of Fama and French (1992)3 but opposite to some Hong 
Kong findings such as Ho et al (2000) and Lam (2002). The finding on the relation 
between post-ranking betas and size different from those previous Hong Kong 
studies may be due to different sample periods and selected sample stocks. The 
negative relation between size and post-ranking betas is also shown in the 
correlation matrix (Table 13) between variables in the chapter 5. 
Moreover, it is found that average monthly excess returns tend to increase 
with decreasing size. This tendency is shown in Table 8. It is also found that the 
negative size effect on future monthly excess returns in the Fama-MacBeth (1973) 
cross-sectional regressions results which will be discussed in chapter 5. 
In conclusion, it is revealed that the order of post-ranking betas closely 
follows the order of pre-ranking betas. It is also discovered that post-ranking betas 
are negatively related to size and average monthly excess returns tend to increase 
with decreasing size. Since the focus of this paper is dispersion, the finding of size-
beta relation is only briefly discussed. 
3 Fama and French (1992) suggest a negative relation between post-ranking betas and size. 
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4. Size- Dispersion Portfolio Strategy 
In this chapter, we assign the sample stocks to portfolios based on the 
analysts' forecasts dispersion and firm sizes, as so to examine the effect of size-
dispersion sorting on the average excess returns. According to Diether et al. (2002), 
this portfolio strategy is a standard method in asset pricing empirical model, which 
reduces the variability in returns. 
Unlike the previous US studies on the relation between differences of 
opinions�and future stocks return, stocks with share price lower than five dollars in 
Hong Kong securities market are not excluded. Relevant US researches, which 
employ portfolio strategy analysis, adopt the methodology on the sample stocks 
selection pioneered by Jegadeesh and Titman (1993). According to Jegadeesh and 
Titman (2001)，stocks with share price lower than five dollars are omitted in the 
portfolio analysis because bid-ask bounce, small or illiquid stocks may have a strong 
impact on results. It is hard to say whether the selection criterion is suitable for the 
situation in Hong Kong securities market since there are a lot of different 
characteristics between Hong Kong and US securities markets. In addition, many 
stocks with share price lower than five Hong Kong dollars in Hong Kong still have 
more than two analysts cover and continuous trading record. Furthermore, CAPM 
studies in Hong Kong^ do not include this selection criterion in their studies. 
4.1 Formation of size-beta portfolio 
In the size-dispersion portfolio strategy, firm sizes (ME) is defined as the 
market capitalization computed at the end of a month while analysts' forecasts 
4 Most of the US studies on the relation between differences of opinions and stock returns (Diether et 
al. (2002), Erturk. (2006); Anderson et al. (2005) & Johnson (2004)) use analysts' forecasts 
dispersion as a proxy for differences of opinions 
5 Lam (2002), Chui and Wei (1998) and Ho et al (2000) do not exclude stocks with less than five 
(Hong Kong) dollars 
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dispersion is defined as the standard deviation of analysts' earning forecasts divided 
by the absolute value of the mean analysts' earning forecasts. Stocks with zero mean 
analysts' earning forecasts are assigned to the highest analysts ’ forecasts 
dispersion category. Observations with zero mean analysts' earning forecasts is 
included in the calculation of portfolio excess returns because it is discovered that 
excluding those observations does not have significant influence on the portfolio 
excess returns. 
The size-dispersion portfolio strategy is a monthly-based portfolio. First, 
seventy sample stocks are assigned into three categories based on the firm sizes (ME) 
as of the previous month for each month. Subsequently, stocks in each size category 
are assigned to three sub-categories based on the analysts' forecasts dispersion in the 
previous month. After the formation of the nine size-dispersion portfolios, each 
portfolio which consists of seven or eight stocks is held for one month. Furthermore, 
the monthly portfolio excess return is computed as the equal-weighted means of 
excess returns of all the stocks in the portfolio. 3x3 portfolio strategy is employed 
instead of 5x5 portfolio strategy because the number of selected sample stocks is 
small (seventy stocks) compared with that in US relevant literature^ 
4.2 Results and findings 
Regarding the relationship between the mean excess returns and the analysts' 
forecasts dispersion for the pooled data, a weak negative relation is found. This is 
shown in the last column of Table 9. The monthly return on Disp3-Displ strategy is 
0.4352 percent, but it is insignificant. It is shown that high dispersion stocks yield 
6 5x5 portfolio strategy is a common portfolio strategy for US studies (such as Diether et al. (2002), 
Erturk. (2006)) examining how analysts' forecasts dispersion affects the average stock returns when 
the effect of different firm characteristics (such as size, book-to-market ratio, momentum) is 
controlled 
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insignificantly lower subsequent returns than low dispersion stocks. This 
insignificant negative relation between analysts' forecasts dispersion and mean 
excess returns for all stocks may imply that there are two different effects of 
analysts' forecasts dispersion affecting the excess returns. First, the uncertainty risk 
effect of analysts' forecasts dispersion postulates a positive relation between 
dispersion and future stock returns. When the dispersion is high, investors demand 
for more uncertainty risk premium to compensate for the uncertainty brought by 
higher dispersion, ceteris paribus. On the other hand, dispersion can be treated as 
differences of opinion across analysts. Analysts may refrain from providing the 
coverage of a firm when they release pessimistic opinion about that firm. There is an 
upward bias in analysts' earning forecasts due to analysts' incentive or strategic 
concerns. This upward bias is stronger when analysts have more dispersed opinions. 
Since investors do not fully understand the implication that high dispersion is 
associated with a larger upward bias, they still rely on analysts' forecasts for price 
discovery7 . Consequently, future stock returns wi l l be lowered. This explanation 
suggests that there is a negative relation between dispersion and future stock returns. 
It is important to note that these two effects are not mutually exclusive. The 
insignificant and negative relation between analysts' forecasts dispersion and mean 
excess returns for all stocks reveals that the differences of opinions effect is 
relatively stronger than the uncertainty effects but it does not lead to a significant 
result. Furthermore, the level of (mean) dispersion is generally higher for small 
firms than the level of dispersion in middle or large firms, which is indicated in 
Table 10. 
7 Becchetti, Hasan, Santoro and Anandarajan (2007) suggest that investors rely on the analysts' forecasts 
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[Insert Table 9 and Table 10 here] 
In contrast to the findings of size-dispersion strategy in US previous 
literature (Diether et al, 2002; Erturk, 2006 & Johnson, 2004)，it is found that return 
differential between low- and high dispersion portfolios increases as the firm size 
increases in this thesis. The return differential between low- and high dispersion 
portfolios is positive and significant (marginally significant) for large firms (middle 
firms) while the return differential between low- and high dispersion portfolios for 
small firms is negative and insignificant. Surprisingly, the Disp3-Displ strategy for 
large firms earns the largest monthly returns 1.367 percent but the Disp3-Displ 
strategy for small firms loses 0.93 percent in terms of monthly returns. It shows that 
uncertainty risk effect of dispersion outweighs the differences of opinions effect of 
dispersion for small firms. Furthermore, differences of opinions effect prevails over 
uncertainty risk effect in large and middle firms. 
One of the possible reasons for the different finding in particular about the 
finding of small firm may be a different selection methodology is adopted in this 
paper. Hong Kong stocks with price lower than five (Hong Kong) dollars are not 
excluded in the sample while US stocks with price lower than five dollars are 
excluded in the previous studies. Actually, only relative large firms are covered 
when stocks with less than five dollars are excluded. The result of excluding the 
stocks with less than five dollars does not reflect the dispersion effect on the stock 
returns of small firms even though these firms are covered by at least two analysts. 
Therefore, we do not set any price restriction for the stock selection criteria. But the 
finding in the size-dispersion strategy shows that dispersion effect in Hong Kong is 
different from the one in US securities market in the aspect of the return differential 
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of Disp3-Displ strategy. Furthermore, Fama-MacBeth (1973) cross-sectional 
regressions with size-dispersion interaction variables (DISP, MDISPSIZE and 
LDISPSIZE) are tested to further confirm the interesting results found in this chapter. 
According to Table 9，median excess returns for nine size-dispersion 
portfolios are only slightly different from the mean excess returns for nine size-
dispersion portfolios. It is shown that skewness of the observations exists but the 
observations are not heavily skewed. 
In conclusion, an insignificant and negative relation between dispersion and 
average stock excess returns for the pooled data is found. It is also found that the 
level of dispersion varies negatively with firm sizes. When the sample stocks are 
divided into nine size-dispersion portfolios, a significant (marginally significant) and 
negative relation between dispersion and average stock excess returns is found in 
large firms (middle firms). A positive but insignificant dispersion effect on average 
excess returns is found in small firms. Return differential between Disp3-Displ 
strategy increases when the firm size increases, which is different from the finding 
in the previous literature on the US firms. It is suggested that there are two 
dispersion effects affecting the findings. The observations are not heavily skewed 
since median excess returns are only slightly different from the mean excess returns. 
31 
5. Fama-MacBeth cross-sectional regressions 
Besides carrying out the size-dispersion strategy, Fama-MacBeth (1973) 
cross-sectional regressions are run to further testify the results in previous chapter. 
5.1 Relation between dispersion and other firm characteristics 
In this chapter, the Fama-MacBeth (1973) cross-sectional regressions are 
used to examine the relation between dispersion and other firm characteristics: 
LNDISP., =0：0+ a\j3i,_\ + + + a^MOM. + a^R cov,,_, + e. (4) 
In each month, analysts' forecasts dispersion (LNDISP) is regressed against 
post-ranking betas (/3), firm sizes (LNME), book-to-market ratio (LNBM)，previous 
six-month's (t-6 to t-1) return momentum (MOM) and residual of analyst coverage 
(Rcov). Time series averages of the coefficients from cross-sectional regressions are 
reported on Table 11. The univariate regressions results (first five row of Table 11) 
show that high market betas firms (significant at the 1% level), small firms 
(significant at the 1% level), high book-to-market ratio firms (significant at the 1% 
level), poorly performing firms (significant at the 1% level) or firms with a small 
number of analyst coverage (significant at the 1% level) have higher analysts' 
forecasts dispersion. Furthermore, the results of the multivariate regression (the sixth 
row in Table 11) reveal that small firms (significant at the 1% level), high book-to-
market ratio firms (significant at the 1% level), poorly performing firms (significant 
at the 5% level) and firms with a small number of analyst coverage (significant at 
the 1% level) have higher analysts' forecasts dispersion. The coefficient of market 
betas becomes insignificant in the multivariate regression. The results found in this 
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chapter support the finding in chapter 4.2 that the level of dispersion increases when 
the firm size decreases. 
[Insert Table 11 here] 
The results in chapters 4.2 and 5.1 show that small firms have a higher 
dispersion than large firms. However, large firms have the highest return differential 
of Disp3-Displ strategy even if large firms have the lowest dispersion among all 
size of firms. Furthermore, small firms, which have the highest level of dispersion, 
have a negative return of Disp3-Displ strategy. It seems that an explanation 
composed of only one effect cannot be applied in this paper. Therefore, the 
explanation composed of two different effects will be presented in chapter 5.4. 
Before that, further check on the effect of dispersion on future stock returns for 
different sizes of firm is carried out in one of the multivariate Fama-MacBeth (1973) 
cross-sectional regression model in chapter 5.2. 
5.2 Relation between future stocks returns and firm characteristics 
Fama-MacBeth (1973) cross-sectional regressions, which are run to test the 
relation between dispersion and future stock returns, are shown as follow: 
R 丨,—Rf, = a�+ + a^LNME.,_, + a,LNBM.,_, + a,MOM{+). + a,MOM{-). + 
cov,_+ (x#sp“,_\ + s (5) 
R 丨 , + a^LNME丨丨+ ct灿BM丨卜、+ a^MOM{+). + a^MOM{-). + 
a^R c o v , + aiDISP“,_\ + a^MDISPSIZE.,_, + a^LDISPSIZE.,_^ + s. (6) 
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In each month, the individual stock excess returns (R-Rf) are regressed against post-
ranking betas (/5 )，firm sizes (LNME), book-to-market ratio (LNBM), positive 
previous six month's (t-6 to t-1) return momentum (MOM(+)), negative previous six 
month's (t-6 to t-1) return momentum (MOM(-))，residual analyst coverage (Rcov), 
residual of analysts' forecasts dispersion (Rdisp). In order to delineate the dispersion 
effect across firm sizes, dispersion without log (DISP), middle firms dispersion 
(MDISPSIZE) and large firms dispersion (LDISPSIZE) replace the role of Rdisp in 
the cross-sectional regressions. The time-series average values of the coefficients 
from 84 monthly cross-sectional regressions are computed and t test are performed 
to check the explanatory power of independent variables in the regressions. The 
results of the cross-sectional regressions are showed in Table 12 while the overall 
monthly correlation matrix for explanatory variables is revealed in Table 13. 
[Insert Table 12 here] 
First, the statistical results in univariate regressions with betas as the only 
explanatory variable and muitivariate regressions with various combinations of beta 
and other explanatory variables show that post-ranking betas have no explanatory 
power on future stock returns for the period January 1997 to December 2003. The 
average coefficient of market betas is positive but insignificant in univariate 
regressions while it becomes negative in the multivariate regressions even though it 
is still insignificant. The result is consistent with the test results of Fama and French 
(1992), Ho et al (2000) and Lam (2002). It appears that market systematic risk is not 
priced in Hong Kong securities market. 
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The firm sizes variable, LNME, shows a significant explanatory power on 
future stock returns. In univariate regression, the average coefficient of LNME is -
0.01629 with a significant t statistic of -2.84724. After other explanatory variables 
are controlled, the average coefficients of LNME remain negative with significant t 
statistics. The results show that there is a strong negative relation between firm size 
and future stock returns. The results are in line with that of Fama and French (1992) 
and Ho et al (2000)8. Firm sizes somewhat reflect the information of diversification 
of firm activities (economics of scale), market liquidity, corporation image, 
timeliness, resources that can be allocated for making business and transaction cost 
involved, larger firms tend to have a lower risk premium and thus lower future stock 
returns. 
Additionally, the book-to-market ratio variable is weak in explaining the 
cross-section of average excess returns in both univariate regressions of returns on 
LNBM alone and in multivariate regressions of returns on LNBM and other 
explanatory variables. The BM effect is insignificantly positive with a monthly risk 
premium of about 1.145 %. This finding is not exactly consistent with the previous 
findings such as Fama and French (1992), Ho et al (2000)9 呂！肌 the positive BM 
effect in this paper is insignificant. According to Chan and Chen (1991)，book-to-
market ratio might be a relative firm distress factor. High book-to-market ratio firms 
that may be judged to have poor earning prospects by the market, have higher 
expected returns than low book-to-market ratio firms. The weak explanatory power 
of negative BM effect during the sample period from January 1997 to December 
8 Ho et al (2000) find a marginally significant negative size effect from July 1983 to December 1994 
in Hong Kong. 
9 All of these previous studies find that there is a significant positive BM effect on stock returns 
35 
2003 may be due to the bearish securities market a t m o s p h e r e � . D u r i n g the sample 
period, investors in the market may not depend on proxy for firm prospect, such as 
book-to-market ratio, to make investment decisions since market atmosphere was 
bearish. Therefore, the explanatory power of book-to-market ratio might be 
weakened. 
Furthermore, the positive return momentum effect is found to be positive and 
significant in both bivariate regressions and multivariate regressions with negative 
return momentum. The average coefficient of positive return momentum is 0.34515 
with t statistics of 2.28671 in bivariate regression. The average coefficient of 
positive return momentum remains positive and significant after other explanatory 
variables have been controlled. It illustrates that the past winners tend to be future 
winners. On the other hand, the average coefficient of negative return momentum is 
-0.51401 with t statistics of -0.89903 in bivariate regression. After controlling 
market betas, firm size and book-to-market ratio, the average coefficient of negative 
return momentum becomes 0.11805 with t statistics of 0.16822. The signs of the 
negative return momentum change because MOM(-) is positively correlated with 
LNME but negatively correlated with LNBM (Table 13). The negative sign of 
negative return momentum appears in bivariate regressions may due to omitted 
variables problem in the regressions. In general, past winners (losers) tend to be 
future winners (losers) though the positive coefficient of negative return momentum 
is insignificant. Barberis, Shleifer and Vishny (1998) suggest that delayed 
oveireaction of investor might contribute to a positive relation between the future 
stock returns and the past stock returns. The investors may excessively extrapolate 
1° Bearish Market atmospheres occurred in Hong Kong during Asian Financial Crisis in 1997，Bursts 
of I.T. bubble in 2000，911 terrorists attack in 2001 and the outbreak of SARS in 2003. 
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firms past superior (inferior) earning growths into the future and overreact to 
positive (negative) information. 
Next, an insignificant negative relation between residual of analyst coverage 
(Rcov) and the future stock returns is found. The average coefficient of Rcov is -
0.02485 with t statistics -1.48466 in univariate regression. After other explanatory 
variables have been controlled, the sign of this coefficient remains unchanged and it 
remains insignificant. While it may be true that larger analyst coverage is likely to 
provide more information about the firm, the information uncertainty for larger 
analyst coverage firms is lower than smaller analyst coverage firms. The 
insignificant role of Rcov in asset pricing in Hong Kong is not impossible if 
investors realize that analysts could not provide additional information other than 
public information (historical information such as financial statement of last fiscal 
year and firm announcement news). 
Most importantly, the coefficient on the dispersion variable Rdisp is 
insignificantly negative in both univariate and multivariate regressions. The average 
coefficient of Rdisp is -0.00865 with t statistics -1.63389 after including other 
explanatory variables on the right-hand side of the regression. The insignificantly 
negative relation between analysts' forecasts dispersion and the future stock returns 
confirms the finding in chapter 4.2. It is not impossible for the insignificant 
dispersion effect on the future stock returns if there are two opposite dispersion 
effects prevailing in Hong Kong securities market. Further explanations are 
discussed in chapter 5.4. 
In order to delineate the dispersion effect across firm sizes, Fama-MacBeth 
(1973) cross-sectional regressions 6 are run. The average coefficient of DISP is 
positive (0.03805) and significant at the 5% level when DISP, MDISPSIZE and 
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LDISPSIZE are included in the regression. The explanatory power of DISP is 
weakened after incorporating other explanatory variables into the regression. The 
weak positive relation between dispersion and future stock returns for small firms, 
which is shown in the average coefficient of DISP, confirms the finding for small 
firms in chapter 4.2. Furthermore, there is a strong negative effect of analysts' 
forecasts dispersion on ftiture stock returns for middle and large firms. Inclusion of 
market betas, firm size, book-to-market ratio, return momentum and analyst 
coverage does not drive out the strong negative dispersion effect for middle and 
large firms. The effect of dispersion on future stock returns for large firm, which is 
equal to the sum of the average coefficient of DISP and the average coefficient of 
MDISPSIZE, is -0.08027. Furthermore, the effect of dispersion on future stock 
returns for middle firms, which is equal to the sum of the average coefficient of 
DISP and the average coefficient of LDISPSIZE, is -0.07481. It is shown that 
dispersion has a stronger negative effect on large firms' future stock returns. This 
finding confirms the result of a larger return differential for Disp3-Displ strategy for 
large firms in chapter 4.2. Moreover, the positive relation between dispersion and 
future returns for small firms and the negative relation between dispersion and future 
returns for middle and large firms disclose that explanation composed of a single 
effect of dispersion may not be applicable for Hong Kong securities market. 
5.3 Robustness check 
5.3.1 Sub-period regressions 
In order to check whether the OLS results on the relation between analysts' 
forecasts dispersion and future stock returns are not driven by the extreme 
observations, Fama-MacBeth (1973) cross-sectional regressions are run for two sub-
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periods of foil sample. As indicated by Table 14 and 15, the average coefficient of 
Rdisp is negative in the first sub-period while it becomes positive in the second sub-
period. Both of the coefficients are insignificant. It reveals that the explanation 
composed of two opposite effects of dispersion on future stock returns is possible. 
The sign of the average coefficients of DISP, MDISPSIZE and LDISPSIZE does not 
change from first sub-period to second sub-period. But it seems that the negative 
effect of dispersion on future returns decreases over time while the positive effect of 
dispersion on future returns increases over time within the sample period. (Positive 
coefficient of DISP becomes more positive while negative coefficients of 
MDISPSIZE and LDISPSIZE appear to be less negative). In general, the OLS 
results on the relation between analysts' forecasts dispersion and future stock returns 
seems not to be driven by extreme observations since the sign and the explanatory 
power of dispersion variables in two sub-periods does not vary much comparing 
with the results for full sample period. 
[Insert Table 14 and Table 15 here] 
5.4 Possible Explanations 
As mentioned in chapter 4 and chapter 5, we argue that the correct 
interpretation of analysts' forecasts dispersion should consist of two opposite effects 
since a single effect of dispersion cannot explain the findings in this paper. 
According to Barron et al (1998)，analysts' forecasts dispersion can be expressed 
asD = V(l 一 A)，where V is uncertainty and (1 - A) is diversity (disagreement) in 
analysts' information. Therefore, there are two different dispersion effects on future 
stock returns since analysts' forecasts dispersion is a component of uncertainty and 
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disagreement. Furthermore, Qu, Starks and Yan (2003) suggest that analysts' 
forecasts dispersion has dual aspects of impacts (information uncertainty and 
differences of opinion across analysts) on stock returns. Returning to the hypothesis 
development in chapter 3.1，the results in this paper provide support for the 
prediction of the existence of two opposite dispersion effects (uncertainty risk effect 
and differences of opinion effect). The finding (Table 9) that the return differential 
between low- and high-dispersion stocks is the strongest in large firms is 
inconsistent with previous empirical findings such as Diether et al (2002) and Erturk 
(2006). An explanation for this finding is that there are two different dispersion 
effects. 
Holding uncertainty effect constant, analysts' forecasts dispersion can be 
interpreted as differences of opinion across analysts and analysts' incentive or 
strategic concerns'' which prevent the revelation of negative opinion of analysts and 
cause lower future returns of stock. Diether et al. (2002) suggest that analysts, who 
act as the channel of transmitting information to the market, are always reluctant to 
make pessimistic forecasts or recommendations. Analysts, especially for sell-side 
analysts, depend on firm management for tips or private information about future 
earnings. Sources of information may be cut off when analysts release pessimistic 
forecasts. Furthermore, analysts earn a percentage of commissions from stock sales, 
which increases their incentive to release more optimistic forecasts. Furthermore, 
analysts tend to issue optimistic forecasts in the beginning of the fiscal year and then 
"walked down" to a level that firm can beat at the end of fiscal year since analysts 
collude with firm to play an earning guidance game (Brown, 2001; Matsumoto, 
2002; Richardson, Teoh, and Wysocki，2004). 
‘‘Analysts' incentive structure is suggested by Diether et al (2002) as a market friction which 
prevents revelation of negative opinion. 
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If there are analysts' incentives or strategic concerns for not releasing 
pessimistic forecasts, an upward bias in analysts' earning forecasts should be 
observed. We test whether there is upward bias for analysts' earning forecasts for 
the sample firms based on firm s i z e s . I t is found that the upward bias in analysts' 
earning forecasts exists for all sizes of firm and varies negatively with firm sizes in 
Hong Kong. As it has been mentioned, small firms tend to have a high level of 
dispersion. It may imply that upward bias for analysts' earning forecasts is higher 
when the magnitude of analysts' forecasts dispersion is large. In order to confirm 
this implication, a cross-sectional regression of the monthly upward bias of analysts' 
earning forecasts (standardized unexpected earnings SUE) on analysts' forecasts 
dispersion (DISP) is run as follow'^: 
SUE,, = a ^ + a ^D IS P., + f (7) 
where SUE is the difference between true EPS and analysts' earning forecasts scaled 
by the standard deviation of analysts' earning forecast. The average regression 
coefficients with the t statistics in parenthesis are: a � = -1.18152 (-8.8064) and a ,= 
-1.50763 (-2.59441). The adjusted R^ for the regression is 1.0357 percent. The 
negative intercept confirms that there is an upward bias for analysts' earning 
forecasts on average. Furthermore, it is showed that an upward bias for analysts' 
earning forecasts is higher when the magnitude of analysts' forecasts dispersion is 
large. Dispersion represents differences of opinion across analysts and the upward 
bias for earning forecasts is larger when the level of dispersion is high due to the 
analysts' incentive concerns. Holding uncertainty risk effect constant, high 
12 The methodology based on firm sizes for testing the upward bias for analysts' earning forecast is 
shown in appendix one. 
“ T h e equation of 7 is modified from Diether et al. (2002). Diether et al. (2002) use quarterly forecast 
errors on standard deviation in quarterly earnings per share forecasts as the dependent variable while 
standardized unexpected earnings are used as the dependent variable in this thesis. 
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dispersion associated with a larger upward bias for analysts' earning forecasts is 
correlated with lower future returns when investors do not understand the 
implication that higher dispersion results in a larger upward bias and when they still 
rely on the earning forecasts to make their investment decision. The future returns of 
stock become lower when investors follow the "walked down" earning estimates or 
they realize that the earning forecasts are overestimated after the financial statement 
of firm is released. 
In addition to the differences of opinion effect of dispersion on future stock 
returns, there is an uncertainty risk effect of dispersion affecting the future stock 
returns. In chapter 4.2, The Disp3-Displ strategy for small firms earns -0.93 
monthly returns. Positive average coefficient of analysts' forecasts dispersion for 
small firms (DISP) is found in chapter 5.2. These results explain the existence of 
uncertainty risk dispersion effect, in addition to differences of opinion dispersion 
effect. Analysts' forecasts dispersion indicates a more volatile future earning stream. 
Investors will demand for higher future returns to compensate for the uncertainty 
brought by analysts' forecasts dispersion. Small firms, which have a high level of 
dispersion, should have a higher uncertainty risk effect, ceteris paribus. Holding 
differences of opinion dispersion effect constant, high dispersion stocks earn higher 
future returns since analysts' forecasts dispersion can be interpreted as a 
measurement of uncertainty risk. The uncertainty risk dispersion effect and the 
differences of opinion dispersion effect are not mutually exclusive. Uncertainty risk 
effect affects the required future return of investor while the differences of opinion 
effect influences the realized future return. 
Small firms which tend to have high analysts' forecasts dispersion (as 
indicated in chapter 5.1) has an insignificant positive relation between dispersion 
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and the future stock returns. It is possible for the average coefficient of dispersion 
for small firms to be positive if the uncertainty effect of dispersion outweighs the 
differences of opinion effect. On the other hand, the negative relation between 
dispersion and the future stock returns for middle and large firms reveals that 
differences of opinion effect surpasses the uncertainty risk effect in these two sizes 
of firms. Further studies can be carried to examine the reasons why large firms have 
a larger net negative dispersion than middle firms. 
In conclusion, the explanation composed of uncertainty risk dispersion effect 
and differences of opinion dispersion effect may be able to elaborate the findings in 
this paper when these two dispersion effects are not mutually exclusive. 
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6. Conclusion Remarks 
6.1 Conclusion 
In conclusion, we provide evidence that middle and large firms' stocks with 
‘ higher analysts' forecasts dispersion earn significantly lower future returns than 
otherwise similar stocks. Furthermore, evidence is provided to show that small firms 
stocks with higher analysts' forecasts dispersion earn insignificantly higher future 
returns than otherwise similar stocks. Our results show that analysts' forecasts 
dispersion has two opposite effects on future stock returns, which are uncertainty 
risk effect and differences of opinion effect. Unlike previous literatures, the results 
in this paper cannot be explained by a single dispersion effect only since opposite 
relations between dispersion and future stock returns are found in of different firm 
size. 
Without delineating the dispersion effect across firm sizes, it is found that an 
insignificantly negative relation between dispersion and future stock returns exists 
(the negative coefficient of Rdisp in chapter 5.2). It seems that differences of 
opinion effect is generally stronger than uncertainty risk effect but it does not lead to 
significant results. 
Regarding the differences of opinion effect, market frictions which prevent 
the revelation of negative opinion such as the analysts' incentive or strategic 
concerns may be able to explain the presence of differences of opinion dispersion 
effect in Hong Kong since it is found that there is an upward bias in analysts' 
earning forecasts for stocks in three size categories. This upward bias is larger when 
analysts have more dispersed opinions. 
Furthermore, firm sizes and positive return momentum are also found to 
have significant roles for CAPM in Hong Kong securities market. But market betas 
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seem not able to explain the average excess returns on sample stocks for the period 
from January 1997 to December 2003. 
The main contribution of this paper is that it provides an empirical study on 
the relation between dispersion and future stock returns in Hong Kong. In addition, 
interaction variables (LDISPSIZE and MDISPSIZE) are used to examine dispersion 
effects across firm sizes in the Fama-MacBeth cross sectional regression. The 
previous CAPM studies on Hong Kong securities market do not include the analysis 
of the analysts' forecasts dispersion on stock returns. Our empirical study sheds new 
light on understanding the role of dispersion in CAPM in Hong Kong. Further 
research can be carried out to confirm our findings. 
6.2 Limitations and future direction 
It is possible that the findings in small firms may be influenced by the bid-
ask bounce. One of the main concerns for not setting up a price restriction in the 
sample selection rule is that we would like to cover firms that are actually small in 
size. In fact, the CAPM studies in Hong Kong do not apply price restriction in the 
sample selection. In the future, researchers can set a price restriction on the sample 
selection rule for Hong Kong stocks to avoid the potential bid-ask bounce problem. 
Thus far, there is no empirical research studying the relation between 
dispersion and the stock returns in asset pricing for Hong Kong. There are some 
CAPM studies for the case of Hong Kong in the literature. However, the sample size 
in these studies is relatively small (100 firms in Lam, 2002 and 117 firms in Ho et al, 
2000). This may be due to the limited number of listed companies in Hong Kong.^ "^  
The stock selection criteria are stricter in this thesis compared with those HK CAPM 
14 According to Hong Kong Stock Exchange factbook 1999 and 2001, ordinary equity shares listed in 
the Hong Kong Stock Exchange from 1997 to 2003 are 666，688, 705’ 737，757，813 and 852 
respectively for each year. 
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studies because stock criterion related to analyst coverage is imposed. However, 
there will be more sample firms and data used for CAPM research for Hong Kong in 
the future. Furthermore, further studies on the relation between dispersion and the 
stock returns in Hong Kong can be done to check the findings in this paper. 
It is hard to say whether analysts' forecasts dispersion is only a proxy for 
differences of opinion or a proxy for uncertainty since analysts' forecasts dispersion 
contains both differences of opinion effect and uncertainty risk effect on stock 
returns. Furthermore, analysts' forecasts dispersion may be less stable than other 
proxies for differences of opinion such as standard deviation of analysts' earning 
forecasts divided by book value of equity since the denominator of dispersion 
(absolute mean of forecasts) can be volatile compared with book value of equity. 
Future researches on the related field of this paper may use variables, such as 
diversity, suggested by Doukas et al (2006) since uncertainty risk effect is 
separated from this variable. 
15 Diversity is defined as one minus the consensus which is measured by the correlation in forecast 
error across analysts. ( Doukas et al 2006) 
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Tables 
Table 1 Key statistics for the Hong Kong stock market 
No. of Total Funds Total Market 
Listed No. of Raised Issued Capitalization 
Year Companies Securities (HK$Mil) Captial (HK$Mil) 
1997 658 1533 247,577.27 236,715.76 3,202,629.78 
1998 680 1246 38,257.01 238,612.39 2,661,712.74 
1999 701 1205 148,120.08 225,577.27 4,727,527.07 
2000 736 1,294 451,280.80 283,355.88 4,795,150.07 
2001 756 1,075 58,592.81 321,070.54 3,885,342.08 
2002 812 1,416 101,379.74 378,586.00 3,559,099.08 
2003 852 1,598 209,115.74 400,365.43 5,477,670.33 
2004 892 1,971 276,202.61 431,926.99 6,629,176.75 
2005 934 2,448 298,657.15 704,903.12 8,113,333.48 
2006 975 3,184 516,011.88 892,349.40 13,248,820.50 

































































































































































































































































































































































Table 3 Market capitalization: top twenty firms (percentage of total market), 
2006 
Rank Code Company % of equity 
1 00005 HSBC Holdings pic 12.45* 
2 00941 China Mobile Ltd. 10.11 
3 00939 China Construction Bank Corporation - H Shares 8.39* 
4 01398 Industrial and Commercial Bank of China Ltd. - H Shares 3.03* 
5 00013 Hutchison Whampoa Ltd. 2.54 
6 03988 Bank of China Ltd. - H Shares 2.45* 
7 00883 CNOOC Ltd. 2.42 
8 02888 Standard Chartered PLC 2.4* 
9 00857 PetroChina Co. Ltd. - H Shares 1.75 
10 02388 BOC Hong Kong (Holdings) Ltd. 1.68* 
11 00016 Sun Hung Kai Properties Ltd. 1.68 
12 00001 Cheung Kong (Holdings) Ltd. 1.67 
13 03328 Bank of Communications Co., Ltd. - H Shares 1.64* 
14 00011 Hang Seng Bank Ltd. 1.53* 
15 02628 China Life Insurance Co. Ltd. - H Shares 1.49* 
16 02038 Foxconn International Holdings Ltd. 1.34 
17 00762 China Unicom Ltd. 1.09 
18 00906 China Netcom Group Corporation (Hong Kong) Ltd. 1.05 
19 00002 CLP Holdings Ltd. 1.05 
20 00019 Swire Pacific Ltd. 0.95 
60.71 
Source: Stock Exchange of Hong Kong, 2006 Factbook, 2008 





















































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































Table 7 Descriptive statistics for the analysts' forecasts dispersion: 1997-2003 
The descriptive statistics for the analysts' forecast dispersion observation from January 1997 to 
December 2003，which include numbers of observation (N), mean, median and standard deviation, are 
shown in this table. 
^ N Mean Median Std. Deviation 
All 5835 0.2237884 0.1142563 0.6261755 
1997 838 0.0458609 0.0349794 0.2138838 
1998 828 0.060024 0.0598621 0.0064935 
1999 825 0.0837385 0.0833333 0.0071738 
2000 833 0.1142993 0.1136364 0.0104248 
2001 837 0.1641154 0.162844 0.0184074 
2002 839 0.2475044 0.241966 0.036682 
200 3 ^ 0.8483323 1.4867791 
Source: I/B/E/S International unadjusted summary statistics 
Note: Std is the standard deviation of analysts' forecasts divided by its mean forecast for a given firm 
in the previous month (t-1 month) 
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Table 8 Properties of the nine size-beta portfolio for the sample period from 
January 1997 to December 2003 
Seventy sample stocks are first divided into three size portfolios based on the market capitalization of 
sample stocks at the end of December 1996 and then each size portfolio are ftirther divided into three 
pre-ranking betas sub portfolios. Post-ranking betas are estimated by using the same approach of the 
estimation of pre-ranking betas. Equally weighted portfolio excess returns are regressed on the equal-
weighted market excess returns for each twelve month from January to December to obtain the post-
ranking betas. The post-ranking betas for each size-beta portfolio are then assigned to individual 
sample stocks in the portfolio. 
Average Post-ranking Betas 
Size 0 1 (high) P 3(low) 
ME 1 (large) 0.67138 0.60697 0.34748 
ME2 0.82071 0.72720 0.55317 
ME3(small) 0.97849 0.71928 0.75321 
Average monthly excess returns 
Size 3 1 (high) 0 2 P 3(low) 
ME 1 (large) 0.00018 0.00501 0.00299 
ME2 0.01386 0.01009 0.01231 
ME3(small) 0.03002 0.02949 0.02010 
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Table 9 Mean and Median Portfolio Returns by Size and Dispersion in Analysts' 
Forecasts 
Each month stocks are first sorted in three groups based on the level of market capitalization for the 
previous month. Stocks in each size group are then sorted into three extra groups related to the 
analysts' forecasts dispersion for the previous month. Analysts' forecasts dispersion is defined as the 
standard deviation of analysts' one year annual earnings per share forecasts scaled by the absolute 
value of the mean forecast. Stocks with zero mean forecasts are allocated to the highest analysts' 
forecast dispersion groups. Stocks are then held for one month, and portfolio returns are computed by 
using the equal-weighted excess return. The sample period is January 1997 through December 2003. 
The first table reports mean monthly portfolio excess returns based on the computation from individual 
excess returns while the second table reports median monthly portfolio excess returns based on the 
computation from individual excess returns; t-statistics calculated are presented in parentheses for the 
first table. 
Mean Excess Returns 
Size 
Dispersion large small 
MEl ME2 ME3 All stocks 
Displ(high) -0.005904 0.002631 0.038841 0.011856 
Disp2 0.005063 0.011079 0.019110 0.011750 
Disp3(low) 0.007763 0.011329 0.029534 0.016208 
Disp3-Displ 0.013667 ** 0.008698 * -0.009308 0.004352 
t statistics (2.185467) (1.666071) (-0.835557) (0.833691) 
Note: ***，**，* represent statistically significance at the one, five and ten percent levels, respectively. 
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Table 9 Mean and Median Portfolio Returns by Size and Dispersion in Analysts' 
Forecasts 
Median excess returns 
Size 
Dispersion large small 
SI S2 S3 
Dl(high) -0.00801 -0.01033 0.02102 
D2 -0.00420 0.00498 -0.00291 
D3(low) 0.00773 0.00956 0.02640 
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Table 9 Mean and Median Portfolio Returns by Size and Dispersion in Analysts' 
Forecasts 
Each month stocks are first sorted in three groups based on the level of market capitalization for the 
previous month. Stocks in each size group are then sorted into three extra groups related to the 
analysts' forecasts dispersion for the previous month. Analysts' forecasts dispersion is defined as the 
standard deviation of analysts' one year annual earnings per share forecasts scaled by the absolute 
value of the mean forecast. Stocks with zero mean forecast are allocated to the highest analysts' 
forecast dispersion groups. The sample period is January 1997 through December 2003. The table 
reports mean portfolio dispersion. 
Mean dispersion 
Size 
Dispersion large small 
MEl ME2 ME3 All stocks 
Displ(high) 0.285081 0.328320 0.762384 0.458595 
Disp2 0.089677 0.126953 0.186106 0.134245 
Disp3(low) 0.045894 0.059479 0.076223 0.060532 
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Table 11 Fama-MacBeth cross-sectional regressions of analysts' forecasts 
dispersion on lagged firm characteristics 
Fama and MacBeth (1973) cross-sectional regressions are run every month from January 1997 to 
December 2003. Analysts' forecasts dispersion (LNDISP) is regressed on a constant (not reported), 
market P(post-ranking Beta computed for the full test sample period from January 1997 -December 
2003 (84 months)), LNME (the lagged logarithm form of month-end market capitalization), 
LNBM( the lagged logarithm form of monthly updated book-to-market ratio), MOM (the return 
momentum computed using the t-6 months to t-1 months) and Rcov (the residual from monthly 
regressions of LN(l+analyst coverage) on LNME and LNBM). T-statistics calculated are presented in 
parentheses. 












0.04475 -0.11336*** 0.37989*** -0.46238** -0.23806*** 0.30387 
(0.41172) (-16.7351) (29.9205) (-2.47044) (-6.63806) 







































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































Test for upward bias for analysts earning forecast based on firm size 
Suppose that the true distribution of analyst earnings is normal distribution. 
First, seventy sample firms are sorted into three size categories (large firms, middle 
firms and small firms) for every month from January 1997 to December 2003. 
Subsequently, standardized unexpected earnings (SUE) which is a proxy for upward 
bias is calculated for every individual firm as follow: 
(J 
where X is the true eaming-per-share of the firm, is the mean of analysts' 
eaming-per-share forecast and CJ is standard deviation of analysts' eaming-per-
share forecast 
For each month, SUE for each size category is calculated as the average SUE 
of firms within that size category. Finally, the average SUE for each size category 
for the full sample period is computed as the average of monthly SUE of that size 
category. In order to avoid the result being influenced by extreme observation, the 
largest SUE observation and the smallest SUE observation for each size category are 
excluded in the calculation for each month. The result is shown as follow: 
Large Middle Small 
firms firms firms 
A ^ ^ g e - 1 . 0 1 7 9 5 - 1 . 3 3 2 0 8 - 1 . 3 4 4 5 7 
！Sub 
The negative sign of SUE means there is an upward bias. It is shown that upward 
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